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Machine learning frameworks used by kagglers on a regular basis Data visualization libraries used by kagglers on a regular basis
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RER AR : Tabular Playground Series - Jan 2022 HEF 5 SMAPE 184> ( AH(ERET )
Practice your ML skills on this approachable dataset!
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https://www.kaggle.com/competitions/tabular-playground-series-jan-2022
https://www.kaggle.com/competitions/tabular-playground-series-jan-2022/discussion/304355
https://www.kaggle.com/competitions/tabular-playground-series-jan-2022/discussion/304369
https://www.kaggle.com/competitions/tabular-playground-series-jan-2022/discussion/304413
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RERAFR: Ubiguant Market Prediction

Make predictions against future market data
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https://www.kaggle.com/c/ubiquant-market-prediction
https://www.kaggle.com/competitions/ubiquant-market-prediction/discussion/338220
https://www.kaggle.com/competitions/ubiquant-market-prediction/discussion/338615
https://www.kaggle.com/competitions/ubiquant-market-prediction/discussion/338561
https://www.kaggle.com/competitions/ubiquant-market-prediction/discussion/338400

Partb EENBIL =

f Coggle#it

ok

B AR : Happywhale - Whale and Dolphin |dentification

|dentify whales and dolphins by unigue characteristics

B
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https://www.kaggle.com/c/happy-whale-and-dolphin
https://www.kaggle.com/competitions/happy-whale-and-dolphin/discussion/320192
https://www.kaggle.com/competitions/happy-whale-and-dolphin/discussion/320502
https://www.kaggle.com/competitions/happy-whale-and-dolphin/discussion/319789
https://www.kaggle.com/competitions/happy-whale-and-dolphin/discussion/320040
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RER AR : Tabular Playground Series - Feb 2022 HE(THE YERGER 1243 ( HiCHELT )

/]

Practice your ML skills on this approachable dataset!
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https://www.kaggle.com/c/tabular-playground-series-feb-2022
https://www.kaggle.com/competitions/tabular-playground-series-feb-2022/discussion/310359
https://www.kaggle.com/code/ambrosm/tpsfeb22-exploiting-the-flawed-random-generation
https://www.kaggle.com/competitions/tabular-playground-series-feb-2022/discussion/310367
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2B : NBME - Score Clinical Patient Notes

|dentify Key Phrases in Patient Notes from Medical Licensing Exams
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https://www.kaggle.com/c/nbme-score-clinical-patient-notes
https://www.kaggle.com/competitions/nbme-score-clinical-patient-notes/discussion/323095
https://www.kaggle.com/competitions/nbme-score-clinical-patient-notes/discussion/323085
https://www.kaggle.com/competitions/nbme-score-clinical-patient-notes/discussion/322832
https://www.kaggle.com/competitions/nbme-score-clinical-patient-notes/discussion/322799
https://www.kaggle.com/competitions/nbme-score-clinical-patient-notes/discussion/322875
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RELRAMR: H&M Personalized Fashion Recommendations HE(THE MAP@12 1843 ( #iAcHilF )

Provide product recommendations based on previous purchases
RIS HAM EZ&BEANWMBEBRERME T T Z~mikF E )
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https://www.kaggle.com/c/h-and-m-personalized-fashion-recommendations/
https://www.kaggle.com/competitions/h-and-m-personalized-fashion-recommendations/discussion/324070
https://www.kaggle.com/competitions/h-and-m-personalized-fashion-recommendations/discussion/324197
https://www.kaggle.com/competitions/h-and-m-personalized-fashion-recommendations/discussion/324129
https://www.kaggle.com/competitions/h-and-m-personalized-fashion-recommendations/discussion/324094
https://www.kaggle.com/competitions/h-and-m-personalized-fashion-recommendations/discussion/324098
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BREBAM: Herbarium 2022 - FGVC9

ldentify plant species of the Americas from herbarium specimens

HETHE F1 1890 (BT )
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https://www.kaggle.com/competitions/herbarium-2022-fgvc9/
https://www.kaggle.com/competitions/herbarium-2022-fgvc9/discussion/329299
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FRAFR: BirdCLEF 2022
|dentify bird calls in soundscapes
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https://www.kaggle.com/c/birdclef-2022
https://www.kaggle.com/competitions/birdclef-2022/discussion/327047
https://www.kaggle.com/code/ivanpan/fork-of-fork-of-cls-exp-1-870246-021187-967146
https://www.kaggle.com/competitions/birdclef-2022/discussion/326950
https://www.kaggle.com/code/leonshangguan/birdnet-inference
https://www.kaggle.com/competitions/birdclef-2022/discussion/327193
https://www.kaggle.com/competitions/birdclef-2022/discussion/326987
https://www.kaggle.com/competitions/birdclef-2022/discussion/327044
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BELAFR: March Machine Learning Mania 2022 - Women's

Predict the 2022 College Women's Basketball Tournament
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https://www.kaggle.com/c/womens-march-mania-2022
https://www.kaggle.com/competitions/womens-march-mania-2022/discussion/317817
https://www.kaggle.com/competitions/womens-march-mania-2022/discussion/316966
https://www.kaggle.com/competitions/womens-march-mania-2022/discussion/317787
https://www.kaggle.com/competitions/womens-march-mania-2022/discussion/317183
https://www.kaggle.com/competitions/womens-march-mania-2022/discussion/317961
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RERBAFR: March Machine Learning Mania 2022 - Men's

Predict the 2022 College Men's Basketball Tournament
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https://www.kaggle.com/c/mens-march-mania-2022
https://www.kaggle.com/competitions/mens-march-mania-2022/discussion/317145
https://www.kaggle.com/competitions/mens-march-mania-2022/discussion/318779
https://www.kaggle.com/competitions/mens-march-mania-2022/discussion/317365
https://www.kaggle.com/competitions/mens-march-mania-2022/discussion/317566
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REFR: Spaceship Titanic

Predict which passengers are transported to an alternate dimension
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https://www.kaggle.com/c/spaceship-titanic
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RERA MR : Tabular Playground Series - Mar 2022 HETE MAE 843 ( EINEIT )
Practice your ML skills on this approachable dataset!
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https://www.kaggle.com/c/tabular-playground-series-mar-2022
https://www.kaggle.com/competitions/tabular-playground-series-mar-2022/discussion/316271
https://www.kaggle.com/competitions/tabular-playground-series-mar-2022/discussion/316295
https://www.kaggle.com/competitions/tabular-playground-series-mar-2022/discussion/317661
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Location-based species presence prediction ' 00
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https://www.kaggle.com/c/geolifeclef-2022-lifeclef-2022-fgvc9
https://www.kaggle.com/competitions/geolifeclef-2022-lifeclef-2022-fgvc9/discussion/327055
https://www.kaggle.com/competitions/geolifeclef-2022-lifeclef-2022-fgvc9/discussion/328637
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EEEZ R Excellence in Research Award (Phase 1)

WIDS Datathon Further Examines the Impacts of Climate Change
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https://www.kaggle.com/c/phase-ii-widsdatathon2022
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B=aR AR Sorghum -100 Cultivar Identification - FGVC 9 HE(T s YRR 184 ( Bk
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|dentify crop varietals
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https://www.kaggle.com/c/sorghum-id-fgvc-9
https://www.kaggle.com/competitions/sorghum-id-fgvc-9/discussion/329049
https://www.kaggle.com/competitions/sorghum-id-fgvc-9/discussion/329414
https://www.kaggle.com/competitions/sorghum-id-fgvc-9/discussion/328593
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B=eR AR : Hotel-ID to Combat Human Trafficking 2022 - FGVC9 HE/S 4 MAP@S 845 ( HiAHET )

Recognizing hotels to aid Human trafficking investigations
RIS ADRENBEELBERERDRRIOE. RAIBA -
PHBERNREADREREEXLEE, NERRPRASES. " o
BEIRAIBRERE—IMAEBHISENARENDIRAES. TR fﬁg 0.40 .".
tbBRDh, SRENESEIRAIKREB TraffickCam ZRIBEBSEDPHVALE, E (/.
KEBGETFRAARBS D MARIIGBKRE. SR

000 &

28 Kermnel B : 2 ’ OZFHH;;%& e e
AEAEXHE7S/)N: 15GB

. ‘ N = =
RIMEA . Research. HEMME. MAIEK / ;;g Z;R
N8R : Mean Average Precision @ 5 v HE38. A=
RBEAZKITRER/RE: 13511712

E\%
i
i

=


https://www.kaggle.com/c/hotel-id-to-combat-human-trafficking-2022-fgvc9
https://www.kaggle.com/competitions/hotel-id-to-combat-human-trafficking-2022-fgvc9/discussion/328281
https://www.kaggle.com/competitions/hotel-id-to-combat-human-trafficking-2022-fgvc9/discussion/328345
https://www.kaggle.com/competitions/hotel-id-to-combat-human-trafficking-2022-fgvc9/discussion/328237
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https://www.kaggle.com/c/kore-2022-beta
https://www.kaggle.com/competitions/kore-2022-beta/discussion/317737
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FERBA: iWildCam 2022 - FGVC9 HEF 5 MAE 184 ( /vitT )
Count the number of animals in a sequence of images
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https://www.kaggle.com/c/iwildcam2022-fgvc9
https://www.kaggle.com/competitions/iwildcam2022-fgvc9/discussion/328965
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BB : U.S. Patent Phrase to Phrase Matching HEfTHE Pearson HHEZRE 185> ( HEAHLF )

Help ldentify Similar Phrases in U.S. Patents :
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https://www.kaggle.com/c/us-patent-phrase-to-phrase-matching
https://www.kaggle.com/competitions/us-patent-phrase-to-phrase-matching/discussion/332243
https://www.kaggle.com/competitions/us-patent-phrase-to-phrase-matching/discussion/332234
https://www.kaggle.com/competitions/us-patent-phrase-to-phrase-matching/discussion/332420
https://www.kaggle.com/code/renxingkai/pppm-stacking-10-models
https://www.kaggle.com/competitions/us-patent-phrase-to-phrase-matching/discussion/332418
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BEAATR: Tabular P|ayground Series - Apr 2022 HEfTHE AUC 1849 ( #RACHREF )

Practice your ML skills on this approachable dataset!
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https://www.kaggle.com/c/tabular-playground-series-apr-2022
https://www.kaggle.com/competitions/tabular-playground-series-apr-2022/discussion/322259
https://www.kaggle.com/competitions/tabular-playground-series-apr-2022/discussion/322257
https://www.kaggle.com/code/azzamradman/2nd-place-final-stacking
https://www.kaggle.com/competitions/tabular-playground-series-apr-2022/discussion/322269
https://www.kaggle.com/code/group16/tps-april-3-solution-the-final-blend
https://www.kaggle.com/competitions/tabular-playground-series-apr-2022/discussion/322558
https://www.kaggle.com/competitions/tabular-playground-series-apr-2022/discussion/322277
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RENBAFR: Image Matching Challenge 2022

Register two images from different viewpoints
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Image%20Matching%20Challenge%202022
https://www.kaggle.com/competitions/image-matching-challenge-2022/discussion/329131
https://www.kaggle.com/competitions/image-matching-challenge-2022/discussion/329317
https://www.kaggle.com/competitions/image-matching-challenge-2022/discussion/329540
https://www.kaggle.com/competitions/image-matching-challenge-2022/discussion/328798
https://www.kaggle.com/code/gufanmingmie/imc-2022-final-ensemble
https://www.kaggle.com/competitions/image-matching-challenge-2022/discussion/329334
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RENBAFR: JPX Tokyo Stock Exchange Prediction

HE{T#E Sharpe Ratio 189y ( #AHIET )
Explore the Tokyo market with your data science skills .
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https://www.kaggle.com/c/jpx-tokyo-stock-exchange-prediction
https://www.kaggle.com/competitions/jpx-tokyo-stock-exchange-prediction/discussion/361482
https://www.kaggle.com/competitions/jpx-tokyo-stock-exchange-prediction/discussion/359151
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RV ATR: Kore 2022

Use a fleet of spaceships to mine minerals before your opponents
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https://www.kaggle.com/c/kore-2022
https://www.kaggle.com/competitions/kore-2022/discussion/340035
https://www.kaggle.com/competitions/kore-2022/discussion/340994
https://www.kaggle.com/competitions/kore-2022/discussion/342296
https://www.kaggle.com/competitions/kore-2022/discussion/340157
https://www.kaggle.com/competitions/kore-2022/discussion/339979
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BB : UW-Madison Gl Tract Image Segmentation

Track healthy organs in medical scans to improve cancer treatment
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https://www.kaggle.com/c/uw-madison-gi-tract-image-segmentation
https://www.kaggle.com/competitions/uw-madison-gi-tract-image-segmentation/discussion/337217
https://www.kaggle.com/code/carnozhao/1st-place-winning-solution
https://www.kaggle.com/competitions/uw-madison-gi-tract-image-segmentation/discussion/337400
https://www.kaggle.com/competitions/uw-madison-gi-tract-image-segmentation/discussion/337468
https://www.kaggle.com/code/hesene/3rd-place-winning-solution
https://www.kaggle.com/competitions/uw-madison-gi-tract-image-segmentation/discussion/337268

Parts bt BN &

f Coggle#it

ok

REREAFR: Foursguare - Location Matching

Match point of interest data across datasets
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https://www.kaggle.com/c/foursquare-location-matching
https://www.kaggle.com/competitions/foursquare-location-matching/discussion/336055
https://www.kaggle.com/code/takoihiraokazu/sub-ex73-74-75-ex104-115-90-101-merge-train3
https://www.kaggle.com/competitions/foursquare-location-matching/discussion/336090
https://www.kaggle.com/code/tomyanabe/ensemble-xgb-c-bert-c-lb0-941-r-exp053fixthresh
https://www.kaggle.com/competitions/foursquare-location-matching/discussion/338112
https://www.kaggle.com/competitions/foursquare-location-matching/discussion/335810
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RERA MR : Tabular Playground Series - May 2022 ML AUC 1843 ( HiAHiT )
Practice your ML skills on this approachable dataset!
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https://www.kaggle.com/c/tabular-playground-series-may-2022
https://www.kaggle.com/competitions/tabular-playground-series-may-2022/discussion/328336
https://www.kaggle.com/code/pourchot/tpsmay22-keras-test-tuned
https://www.kaggle.com/competitions/tabular-playground-series-may-2022/discussion/328441
https://www.kaggle.com/competitions/tabular-playground-series-may-2022/discussion/328553
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mER AR : Google Smartphone Decimeter Challenge 2022 HEFTHE 43I AR 1243 ( v NERT )

Improve GNSS positioning and navigation accuracy on smartphones
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https://www.kaggle.com/c/smartphone-decimeter-2022
https://www.kaggle.com/competitions/smartphone-decimeter-2022/discussion/341111
https://www.kaggle.com/competitions/smartphone-decimeter-2022/discussion/341305
https://www.kaggle.com/competitions/smartphone-decimeter-2022/discussion/340692

Parts bt BN &

f Coggle#it

ok

BELATR: Google Al4Code Understand Code in Python Notebooks

Predict the relationship between code and comments
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https://www.kaggle.com/c/AI4Code
https://www.kaggle.com/competitions/AI4Code/discussion/360501
https://www.kaggle.com/competitions/AI4Code/discussion/343659
https://www.kaggle.com/competitions/AI4Code/discussion/343658
https://www.kaggle.com/code/yufuin/ai4code-public-3rd-solution-inference
https://www.kaggle.com/competitions/AI4Code/discussion/343595
https://www.kaggle.com/competitions/AI4Code/discussion/365587
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RER AR : Feedback Prize - Predicting Effective Arguments

Rate the effectiveness of argumentative writing elements from students
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https://www.kaggle.com/c/feedback-prize-effectiveness
https://www.kaggle.com/competitions/feedback-prize-effectiveness/discussion/347536
https://www.kaggle.com/code/ybabakhin/team-hydrogen-1st-place
https://www.kaggle.com/competitions/feedback-prize-effectiveness/discussion/347359
https://www.kaggle.com/code/shujun717/final-fpzeff-team-work-inference
https://www.kaggle.com/code/kneroma/kkiller-final-fpzeff-team-work-inference
https://www.kaggle.com/competitions/feedback-prize-effectiveness/discussion/347433
https://www.kaggle.com/code/conjuring92/ens58-lstm-lgb-all
https://www.kaggle.com/competitions/feedback-prize-effectiveness/discussion/347692
https://www.kaggle.com/competitions/feedback-prize-effectiveness/discussion/347387

Parts bt BN &

ok

ZER AR

American Express - Default Prediction

Predict if a customer will default in the future
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https://www.kaggle.com/c/amex-default-prediction
https://www.kaggle.com/competitions/amex-default-prediction/discussion/348111
https://www.kaggle.com/competitions/amex-default-prediction/discussion/347637
https://www.kaggle.com/competitions/amex-default-prediction/discussion/349741
https://www.kaggle.com/competitions/amex-default-prediction/discussion/348097
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RERAFR: Tabular Playground Series - Jun 2022 HE(THE RMSE 1843 (/N )

Practice your ML skills on this approachable dataset!
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https://www.kaggle.com/c/tabular-playground-series-jun-2022
https://www.kaggle.com/competitions/tabular-playground-series-jun-2022/discussion/334331
https://www.kaggle.com/competitions/tabular-playground-series-jun-2022/discussion/334319
https://www.kaggle.com/code/arturra/nn-with-four-nans
https://www.kaggle.com/competitions/tabular-playground-series-jun-2022/discussion/334497
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RER AR : HUBMAP + HPA - Hacking the Human Body

Segment multi-organ functional tissue units
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https://www.kaggle.com/c/hubmap-organ-segmentation
https://www.kaggle.com/competitions/hubmap-organ-segmentation/discussion/356201
https://www.kaggle.com/competitions/hubmap-organ-segmentation/discussion/354857
https://www.kaggle.com/code/victorsd/2nd-place-inference
https://www.kaggle.com/competitions/hubmap-organ-segmentation/discussion/354683
https://www.kaggle.com/competitions/hubmap-organ-segmentation/discussion/354851
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RERAFR: Tabular Playground Series - Jul 2022 HE(5 45 Adjusted Rand Index 84> ( HIAET )
Practice your ML skills on this approachable dataset!
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https://www.kaggle.com/c/tabular-playground-series-jul-2022
https://www.kaggle.com/competitions/tabular-playground-series-jul-2022/discussion/341023
https://www.kaggle.com/ymatioun
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RERAFR: Mayo Clinic - STRIP Al

Image Classification of Stroke Blood Clot Origin
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https://www.kaggle.com/c/mayo-clinic-strip-ai
https://www.kaggle.com/competitions/mayo-clinic-strip-ai/discussion/357892
https://www.kaggle.com/competitions/mayo-clinic-strip-ai/discussion/358089
https://www.kaggle.com/competitions/mayo-clinic-strip-ai/discussion/358187
https://www.kaggle.com/competitions/mayo-clinic-strip-ai/discussion/364466
https://www.kaggle.com/competitions/mayo-clinic-strip-ai/discussion/358029
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BRERAFR: Google Universal Image |

—mbedding

Create image representations that w

ork across many visual domains
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https://www.kaggle.com/c/google-universal-image-embedding
https://www.kaggle.com/competitions/google-universal-image-embedding/discussion/359316
https://www.kaggle.com/competitions/google-universal-image-embedding/discussion/359525
https://www.kaggle.com/code/w3579628328/2nd-place-solution
https://www.kaggle.com/competitions/google-universal-image-embedding/discussion/359487
https://www.kaggle.com/competitions/google-universal-image-embedding/discussion/359161
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RER AR : RSNA 2022 Cervical Spine Fracture Detection

|dentify cervical fractures from scans
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https://www.kaggle.com/c/rsna-2022-cervical-spine-fracture-detection
https://www.kaggle.com/competitions/rsna-2022-cervical-spine-fracture-detection/discussion/362607
https://www.kaggle.com/competitions/rsna-2022-cervical-spine-fracture-detection/discussion/365115
https://www.kaggle.com/competitions/rsna-2022-cervical-spine-fracture-detection/discussion/362643
https://www.kaggle.com/competitions/rsna-2022-cervical-spine-fracture-detection/discussion/364837
https://www.kaggle.com/code/selimsef/rsna-csn-segmentor-classifier
https://www.kaggle.com/competitions/rsna-2022-cervical-spine-fracture-detection/discussion/363232
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RER AR : DFL - Bundesliga Data Shootout
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|dentify plays based upon video footage
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https://www.kaggle.com/c/dfl-bundesliga-data-shootout
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. Tabular Playground Series - Aug 2022

Practice your ML skills on this approachable dataset!
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https://www.kaggle.com/c/tabular-playground-series-aug-2022
https://www.kaggle.com/competitions/tabular-playground-series-aug-2022/discussion/349385
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RERATR: Al Village Capture the Flag @ Di

EFCON

Hack Al!l Collect flags by evading, poisoning, stealing, and fooling Al/ML
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https://www.kaggle.com/c/ai-village-ctf
https://www.kaggle.com/competitions/ai-village-ctf/discussion/353536
https://www.kaggle.com/competitions/ai-village-ctf/discussion/352622
https://www.kaggle.com/competitions/ai-village-ctf/discussion/352819
https://www.kaggle.com/competitions/ai-village-ctf/discussion/352765
https://www.kaggle.com/competitions/ai-village-ctf/discussion/355510
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REAA TR : Big Data Derby 2022

Analyze horse racing data to improve the health of the horse and

strategy of competition
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https://www.kaggle.com/c/big-data-derby-2022
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B AR : Open Problems - Multimodal Single-Cell Integration HEFTHE PearsoiBSCEEY 1845 ( Mkl )
Predict how DNA, RNA & protein measurements co-vary Iin single cells
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https://www.kaggle.com/c/open-problems-multimodal
https://www.kaggle.com/competitions/open-problems-multimodal/discussion/366961
https://www.kaggle.com/competitions/open-problems-multimodal/discussion/366453
https://www.kaggle.com/competitions/open-problems-multimodal/discussion/366428
https://www.kaggle.com/competitions/open-problems-multimodal/discussion/366460
https://www.kaggle.com/competitions/open-problems-multimodal/discussion/366409
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Evaluating language knowledge of ELL students from grades 8-12 :

=2mT5S: CEBNE NG 8 & 12 FRRIBESEMNIBEEET ) -
2.5
E8BKernel R : 2 iR o’
REEKIBAN: OVB . o
H& .'
=

A HY . Featured. BRIBEAE | /
N 18R : RMSE 03

NI TIE DL
YD
vV B18: AFE
v 828 AZE
v 838 AZFE
v BAR: AZE
v 858 AZE



https://www.kaggle.com/c/feedback-prize-english-language-learning
https://www.kaggle.com/competitions/feedback-prize-english-language-learning/discussion/369457
https://www.kaggle.com/competitions/feedback-prize-english-language-learning/discussion/369369
https://www.kaggle.com/competitions/feedback-prize-english-language-learning/discussion/369609
https://www.kaggle.com/competitions/feedback-prize-english-language-learning/discussion/369621
https://www.kaggle.com/competitions/feedback-prize-english-language-learning/discussion/369578
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RERAFR: Tabular Playground Series — Sep 2022

Practice your ML skills on this approachable dataset!
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https://www.kaggle.com/c/tabular-playground-series-sep-2022
https://www.kaggle.com/competitions/tabular-playground-series-sep-2022/discussion/356746
https://www.kaggle.com/competitions/tabular-playground-series-sep-2022/discussion/356643
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Help identify the thermostable mutations in enzymes
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https://www.kaggle.com/c/novozymes-enzyme-stability-prediction
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ZER AR

Lux Al 2022 - Beta

Terraform mars and help test season 2 of the Lux Al Challenge!
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https://www.kaggle.com/c/lux-ai-2022-beta
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RERRAFR: Tabular Playground Series - Oct 2022

Practice your ML skills on this approachable dataset!
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https://www.kaggle.com/c/tabular-playground-series-oct-2022
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=l A G2Net Detecting Continuous Gravitational Waves

Help us detect long-lasting gravitational-wave signals!
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https://www.kaggle.com/c/g2net-detecting-continuous-gravitational-waves
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BN AR 2022 Kaggle Machine Learning & Data Science Survey

The most comprehensive dataset available of ML and data science
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https://www.kaggle.com/c/kaggle-survey-2022
https://www.kaggle.com/code/michau96/15-factors-for-data-science-in-your-country
https://www.kaggle.com/code/mmakiuchi/how-is-japan-doing/notebook
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RERAFR: NFL Big Data Bowl 2023

Help evaluate linemen on pass plays
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https://www.kaggle.com/c/nfl-big-data-bowl-2023
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RENATR: Scrabble Player Rating HEATHE RMSE 184> ( #i/\igiF )

Predict players' ratings based on Woogles.io gameplay
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https://www.kaggle.com/c/scrabble-player-rating
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Build a recommender system based on real-world e-commerce sessions
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https://www.kaggle.com/c/otto-recommender-system
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FZER AT : Tabular Playground Series - Nov 2022 HEfTHE LogLoss 1845 ( /Nt )

Practice your ML skills on this approachable dataset!
REMIH: WNATHKIENE D RBH
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N B8R : LoglLoss 4
2 A KB ZX 0 Ry 0 5 10 15
RBAEKITRRIREK: 717 [ 7260 NFRHE TR 8
REAEE
v B18: AX
v 838 AX



https://www.kaggle.com/c/tabular-playground-series-nov-2022
https://www.kaggle.com/competitions/tabular-playground-series-nov-2022/discussion/369674
https://www.kaggle.com/competitions/tabular-playground-series-nov-2022/discussion/370126
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Find breast cancers In screening mammograms
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https://www.kaggle.com/c/rsna-breast-cancer-detection
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RERATR: Santa 2022 - The Christmas Card Conundrum {5 TR ( ET
Optimize the configuration space for printing an image
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https://www.kaggle.com/c/santa-2022
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Detect Player Contacts from Sensor and Video Data
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https://www.kaggle.com/c/nfl-player-contact-detection
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Enhance learning by matching K-12 content to target topics
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https://www.kaggle.com/c/learning-equality-curriculum-recommendations
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Forecast Next Month's Microbusiness Density
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https://www.kaggle.com/c/godaddy-microbusiness-density-forecasting
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[2RZIX] . KEEZMREKRE

vV BEEER: Al #NMERES

v BREIX: Ba/MNAADN), XNflaslcER2KK

v BIBRAM: ZNR. Z7KR. O3, AN

v i &PythonZE : Pandas. Sklearn. XGBoost. LightGBM. CatBoost
v BIRE: MRENERFESES

SEMEDE NIERS)RER
v' Titanic - Machine Learning from Disaster
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v House Prices - Advanced Regression Technigues

v Spaceship Titanic
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https://www.kaggle.com/competitions/titanic
https://www.kaggle.com/competitions/house-prices-advanced-regression-techniques
https://www.kaggle.com/competitions/spaceship-titanic
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v R &PythonE: Pytorch. TensorFlow. timm
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https://www.kaggle.com/competitions/nlp-getting-started
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https://www.kaggle.com/competitions/facial-keypoints-detection
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. Pandas

Pandaso] IA\[RIZIREX S AL 2B . F)
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Standard Joins

bdf

x1|x3
1 + AT o=
2 B F mm
3 D T

X3
A 1 T
B 2 F
C 3 NaN
 x1 (%2 x3 |
A 10 T
B 20 F
D NaN T
%3
A 1 T
B 2 F
X3
A 1 T
B 2 F
C 3 NaN
D NaN' T

Filtering Joins

A1
B 2

pd.merge(adf, bdf,
how="left', on="x1")
Join matching rows from bdf to adf.

pd.merge(adf, bdf,
how="right', on="x1")
Join matching rows from adf to bdf.

pd.merge(adf, bdf,
how="inner', on="x1")
Join data. Retain only rows in both sets.

pd.merge(adf, bdf,
how="outer', on="x1")
Join data. Retain all values, all rows.

adf[adf.x1.isin(bdf.x1)]
All rows in adf that have a match in bdf.

adf[~adf.x1.isin(bdf.x1)]
All rows in adf that do not have a match in bdf.

Combine Data Sets

adf

J/



https://pandas.pydata.org/
https://pandas.pydata.org/docs/user_guide/index.html
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scikit-learn

scikit-learn (sklearn) &7 R 2235 SRE,

v EMXTS, ZRZEH

vV 2R 00
vV 2B
v [Eit] EEsklearn&fn25. @IA.
v [Eit] EEsklearnZKIBXI 7. SHIEmMIBAERE
v [#B] EfRsklearnfS ik A LB EE
v [#B] EfRsklearnt2BIBAES A ENERE
v [RA] St 2 Psklearnt 2B RR,

HX
'Rgl;\

KB X 72 AN

1718

B

ﬂ:

—

ARVME

2 SR PX

" Cooolesipnls

Create Your Model

Supervised Learning Estimators

Linear Regression

>>> from sklearn.linear model import LinearRegression
>>> lr = LinearRegression (normalize= )

Support Vector Machines (SVM)
>>> from sklearn.svm import SVC
>>> svc = SVC(kernel='linear')

Naive Bayes

>>> from sklearn.naive bayes import GaussianNB
>>> gnb = GaussianNB ()

KNN

>>> from sklearn import neighbors
>>> knn = neighbors.KNeighborsClassifier (n neighbors=5)

Unsupervised Learning Estimators

Principal Component Analysis (PCA)
>>> from sklearn.decomposition import PCA
>>> pca = PCA(n_components=0.95)

K Means
>>> from sklearn.cluster import KMeans
>>> k means = KMeans (n clusters=3, random state=0)

Supervised learning

>>> 1r.fit (X, vy)

>>> knn.fit (X train, y train)

>>> svc.fit (X train, y train)
Unsupervised Learning

>>> k means.fit (X train)

>>> pca model = pca.fit transform(X train)

Fit the model to the data

Fit the model to the data
Fit to data, then transform it

Supervised Estimators

Predict labels
Predict labels
Estimate probability of a label

>>> y pred =
>>> y pred =
>>> y pred =

svc.predict (np.random.random( (2,5)))
lr.predict (X test)
knn.predict proba (X test)
Unsupervised Estimators

>>> y pred = k means.predict (X test)

Predict labels in clustering algos



https://scikit-learn.org/stable/modules/classes.html
https://scikit-learn.org/stable/user_guide.html
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[35)3R3K] : Matplotlib / Seaborn

MatplotlibB 2 7T RZEMAND AL AL, ERREDCE
SeabornZ-TMatplotlib, BEEMMNDNICAZE, BEESPandasiEA.

v’ MatplotlibfE FHZE I, Seaborn{® A& 3

vV 2IEE
vV 2 BR:
v [Eit] sEgERAMatplotlibSHHR. TRAR. ITEE
v [Eit] e ERBMatplotibFER, FIRERERGR. LIREFRE
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https://matplotlib.org/stable/gallery/index.html
https://seaborn.pydata.org/examples/index.html
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v’ XGBoost{®
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XGBoost / LightGBM / CatBoostZERMAVRRE!, ELREZREBL S|
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. XGBoost / LightGBM / CatBoost

1 11

Cache awareness and
out-of-core computing

O.

Tree pruning
using depth-first
approach

Parallelized
tree building

=3
1

XGBoost

Regularization for
avoiding overfitting

%

12

Efficient
handling of
missing data

In-built cross-
validation
capability
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[Z3RR] . Pytorch vV 23 BR:

Pytorch2 8 WV AEZESE, RFFREZRIREEZMI|% v [Ebi]

v PytorchEM X1, PytorchfEFAZE v [AN] 8

v Z23EE; v [Ehit]
A PyTorch Workflow

/

2. Build or pick a

pretrained model
t it bl .
(to suit your problem) rediction

\
@

2.2 Build a training loop

3. Fit the model to the 4. Evaluate the model

1. Get data ready data and make 3

(turn into tensors)

i

2.1 Pick a loss function & optimizer

—

R~ <

5. Improve through
experimentation

Al
CVCV (AYAY

BENDZEK FRIUIZR IR,

IREXBEXKRESR. BERE
AP IREI R, SRk, TN

fTfinetune

6. Save and reload
your trained model


https://pytorch.org/docs/stable/index.html
https://pytorch.org/tutorials/

Part6 Kaggle= >t  CoggletiiEiis:

[ZS)BR] : BERT & transformers vV 238
BERTENLPLE R EBIBEY, transformersHDE Al ZBERTHVE o v [AIN] BEMEBERTIER!, XXAHITIRD
v transformersB A X1H, transformers{E A6 v [#EF] BEEARBERTRANZS. LEc. NER
v 23)EE v [RA] g6 A ZEXEKIESE L#H1TMIIS
Tokenizer Model Post Processing
Raw text Input IDs Logits Predictions
This course [101, 2023, 2607, POSITIVE: 99.89%

. . -4, :
IS amazing 2003, 6429, 999, 102] FatleEladet] NEGATIVE: 0.,11%
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EMExEE & NERRERT
LR T & Kaggle® S &2k
https://coggle.club/blog/kaggle-roadmap
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== Research
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./ Getting Started
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One Hot Encoding
R HIETTRE Binary Encoding
BaseN Encoding
Label Encoding
BRI ERTTREY
Ordinal Encoding
Hashing Encoding
Helmert Encoding
Backward Difference Encoding
Count/Frequency Encoding
Mean/Target Encoding
Probability Ratio Encoding
Weight of Evidence Encoding
Sum Encoding
Leave One Out Encoding
M-estimator Encoding
James-Stein Encoding
Quantile Encoding
CatBoost Encoding

RandomTrees Embedding

Word Embedding


https://coggle.club/blog/kaggle-roadmap
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Thanks for watching




